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Abstract:In order to improve the ability of the students to solve the complex engineering problems, the cor-
relation between the competition of the intelligent model car competition and the complex engineering prob-
lems and the achievement of the ability index points of the graduation requirements are analyzed. With the
method of artificial intelligence, the cognitive diagnosis model for evaluating the learning achievement of in-
telligent model car competition is built by taking the identification of race path of intelligent model car as an
example. Based on the Bayesian network, a design method of the prior probability. Based on game theory,
the evidence identification rules of teamwork ability are designed. Finally, the cognitive measurement model
is simulated, the ability of the students to master the knowledge and the ability to solve the complex engi-
neering problems is measured, and the reliability of the model is verified.
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Tab. 4 Relationship between higher order thinking ability and graduation requirement index point
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Tab.7 The situation of the players with the incentive mechanism
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